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Short-Term Forecasting
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Multi-Site Forecasting

50 Wind Farms
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Heterogeneous Wind Power Fleets
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Heterogeneous Wind Power Fleets
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Heterogeneous Wind Power Fleets -1
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Global Temporal Fusion Transformer in Wind Power Forecasting ~ =4=|
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Temporal Fusion Transformer
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Experimental Setup +|
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Experimental Setup +|
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Global vs. Local Models
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Results +|

Forecast Comparison for Station 05546
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Results +|

Forecast Comparison for Station 05546
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Results +|

Forecast Comparison for Station 05546
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Feature Importance -1
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Conclusion +|

1.  Global models outperform local models, if they are

trained on static differences between wind farms.

2. A larger sample size improves performance across all
sites.
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